
































vestigate the biological significance of co-clustering results
on various gene expression datasets.

In contrast to [3], our co-clustering algorithms produce
non-overlapping clusters. In the future, we plan to extend
our work to generate overlapping clusters like in [3] and
soft clustering that allows weighted memberships in multiple
clusters. We envisage a generalization of our methods
to multi-way k-means type procedures applied to multi-
dimensional data matrices on contingency tables.

An intriguing future application of co-clustering would
be to fill in missing values that frequently occur in gene
expression matrices. Anti-correlation has been observed to
imply functional similarity of genes [9]; we plan to extend
our co-clustering algorithms to detect such anti-correlations.
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