










rithms.
There are some aspects of this work that merit fur-

ther research. Among them, we are trying to figure out
better solution for the entailment of frequent itemsets
problem, i.e., given a set of frequency constraints plus a
set of private itemsets, how to screen those frequency
constraints to get the best list of released frequency
constraints while guaranteeing no precise information
of private itemsets can be derived.

Another aspect that merits further research is how
to generate market basket data when only frequency
bounds of frequent itemsets are available. In some sce-
nario, customers would only provide several sequences
of frequent itemsets with different support thresholds,
rather than exact frequency of each frequent itemset.
Finally, we will compare our approach with current
privacy preserving association rule mining approaches
and investigate the tradeoff between privacy and per-
formance for each approach.
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