


























| eighbourhood istance =4 |

A — D conf=83.33%
D+ — A conf=100.00%
D+ — —C conf=75.00%
C+ — —B conf=100.00%

Table 8: Rules from the synthetic data set

| ¢ | Lap | Lpc | Les |
0.00 | 0.00 | 0.00 | 0.00
0.50 | 0.00 | 0.00 | 0.00
1.00 | 0.00 | 0.00 | 0.00
1.50 | 0.00 | 0.00 | 0.00
2.00 | 2.02 | 0.00 | 0.00
2.50 | 3.50 | 1.81 | 2.33
3.00 | 4.52 | 2.52 | 2.33
3.50 | 4.52 | 3.11 | 3.37
4.00 | 4.52 | 3.11 | 3.37

Table 9: Results from Ripley’s function

uses the max I measure instead of the traditional sup-
port measure for mining complex patterns. e showed
that our approach effectively reduces the candidate
itemsets by expoliting a complementarity property of
max I measure which extensively prunes candidate neg-
ative patterns. e then presented and anlaysed various
experimental results. The results of our experiments
show (i) the significant performance improvement over
Max I algorithm, (ii) the efficacy of our approach on
real dataset by generating confident complex pattern in
S SS spatial database and (iii) the statistical correct-
ness of our algorithm using Ripley’s K function.
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