
































6 Conclusion

Designing accurate, efficient, and scalable classifiers is
an important research topic in data mining, and the
rule-based classifiers have been proven very effective in
classifying the categorical or high-dimensional sparse
data. However, to achieve high accuracy, a good rule-
based classifier needs to find a sufficient number of high
quality classification rules and use them to build the
model. In this paper, we proposed an instance-centric
classification rule mining paradigm and designed an
accurate classifier, HARMONY. Several effective search
space pruning methods and search strategies have also
been proposed, which can be pushed deeply into the
rule discovery process. Our performance study shows
that HARMONY has high accuracy and efficiency in
comparison with many well known classifiers for both
the categorical and high dimensional text data. It also
has good scalability in terms of the database size.
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