






















NetScan results and the accuracy gain compared to the
classical k-center clustering algorithm. Tests on syn-
thetic datasets showed the efficiency of our algorithm.

Under the framework of joint cluster analysis of
attribute data and relationship data, the CkC prob-
lem can be extended in many ways. Firstly, to better
model real applications with varied requirement sub-
tleties, more practical clustering criteria (such as k-
means) can be considered other than the k-center cri-
terion, which allowed us to provide theoretical analysis
in this paper. Secondly, similarly motivated, the inter-
nal connectedness constraint can as well be replaced by
specifications on any property or combination of prop-
erties of graphs; e.g., length of paths, degree of vertices,
and connectivity etc. Thirdly, the relations can be non-
binary and the edges can be weighted to indicate the
degree of relationship; e.g., friendship can go from inti-
mate and close to just nodding acquaintanceship. Also,
the relations can be non-symmetric; e.g., citation rela-
tions between documents. Finally, we believe that with
the increasing availability of attribute data and rela-
tionship data, data analysis in general, not only cluster
analysis, will benefit from the combined consideration
of both data types.
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