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Figure 6: (a) Effect of thresholds (a) Effect of number of time slots (b) Effect of number of events

of Figure 6 (c), we compared the performances with
datasets of different number of event types. Overall
execution time increased gradually with the increase
of event type number under a fixed average size of co-
located event instances, 5 (the maximal size was 13).

8 Conclusions and Future Work

We explored the problem of mining co-evolving spatial
event sets from a spatio-temporal dataset and proposed
a novel algorithm to discover co-evolving co-located
event sets. The proposed algorithm substantially re-
duces the search space of spatio-temporal event sets
with the use of several filtering schemes. We shows
that the algorithm is correct and complete in finding
co-evolving co-located event sets. The initial experi-
mental results show that our algorithm outperforms a
naive method.

In the future, we plan to examine the behavior
of our algorithm in more skewed datasets and real-
world datasets. In addition, we plan to consider other
similarity functions[5] rather than a Euclidean distance
based measure for discovering co-evolving spatial event
sets, and to explore the computational structures in
spatio-temporal data.
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