











Methods

z Alg. Weightedz Alg. AvgD:if f Alg.
Harford CountyMD,0.0158 York County,PA,0.0175 Lancaster Counti?A,0.0683
Hot SpringsCounty,WY,0.0008 Berks CountyPA,0.0121 Chester CountPA,0.0501
Delaware County,PA,0.0126 Lebanon CountyA,0.0245 Lebanon CountyPA,0.0245
AdamsCountyPA,0.0178 Delawvare County,PA,0.0126 New Castle County,DE,0.0000

Sandeal County,NM,0.0014

CecilCountyMD,0.0078

Carroll CountyMD,0.0378

TorranceCounty,NM,0.0018

New Castle County,DE,0.0000

BerksCountyPA,0.0121

Los AlamosCounty,NM,0.0035

LancasteCountyPA,0.0683

GloucesteCountyNJ,0.0321

Berks CountyPA,0.0121

Chester CountA,0.0501

Cecil CountyMD,0.0078

Lancaster Count?A,0.0683

Cumberland Counti}J,0.0063

Salem CountyNJ,0.0309

Carroll CountyMD,0.0378

Montgomery CountyPA,0.0184

Delaware County,PA,0.0126

York County,PA,0.0175

Harford CountyMD,0.0158

York County,PA,0.0175

Baltimore cityMD,0.0000

Adams CountyPA,0.0178

Baltimore cityMD,0.0000

Howard County,MD,0.0199

Carroll CountyMD,0.0378

RockwallCounty, TX,0.0210

McKinley County,NM,0.0002

FrederickCountyMD,0.0175

CumberlandCountyNJ,0.0063

PhiladelphiaCountyPA,0.0029

Howard County,MD,0.0199

PhiladelphiaCountyPA,0.0029

Weld County,CO,0.0050

DauphinCountyPA,0.0044

DauphinCountyPA,0.0044

CumberlandCountyNJ,0.0063

PhiladelphiaCountyPA,0.0029

BucksCountyPA,0.0216

Cecil CountyMD,0.0078

BaltimoreCountyMD,0.0129

MontgomeryCountyPA,0.0184

Denton CountylX,0.0056

Camden CountiNJ,0.0087

Monmouth CountyNJ,0.0147

Baltimore CountyMD,0.0129

Baltimore cityMD,0.0000

Union CountyPA,0.0134

Johnson Coun{WY,0.0012

Salem CountiNJ,0.0309

RamseyCounty,MN,0.0149

Boulder CountyCO,0.0094

Gloucester Counti{J,0.0321

Camden Counti{J,0.0087

Montgomery CountyA,0.0184

Mercer CountyNJ,0.0051

Baltimore CountyMD,0.0129

LebanonCountyPA,0.0245

Atlantic CountyNJ,0.0062

Anne Arundel County,MD,0.0158

SantaCruz County,AZ,0.0000

CumberlandCountyPA,0.0133

Howard County,MD,0.0199

GuadalupeCountyNM,0.0004

OceanCountyNJ,0.0049

FrederickCountyMD,0.0175

Hood CountyTX,0.0018

DallasCountyTX,0.0070

Harford CountyMD,0.0158

ArapahoeCountyC0,0.0072

BucksCountyPA,0.0216

Bernalillo CountyNM,0.0139

Santa FeCounty,NM,0.0075

Burlington CountyNJ,0.0062

Montgomery CountyviD,0.0125
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TarrantCounty, TX,0.0085

Queen Anne County,MD,0.0000

Hancock CountyVV,0.0093

Tablel: The top 30 spatial outlier candidates detected byeightedz, and AvgDi f f algorithms.

the impact of neighbors on a given object. The experimerj#] R. Haining. Spatial Data Analysis in the Social and Environ-

on the West Nile virus data evalidates the effectiveness

mental SciencesCambridge University Press, 1993.

of our methods. Another advantage of our algorithms i$] J. Haslett, R. Brandley, P. Craig, A. Unwin, and G. Wills.

that they can provide an ordering of the spatial outliers
with respect to their degree of outlierness. Currently, our
algorithms focus on single (nonspatial) attribute outlie
detection. We plan to extend them to identify spatial outlier
In addition, we are working on a

with multiple attributes.

detection.
on Data Mining 2003.

Dynamic Graphics for Exploring Spatial Data With Applica-
tion to Locating Global and Local Anomalie$he American

Statistician 45:234-242, 1991.
i6] C.-T. Lu, D. Chen, and Y. Kou. Algorithms for spatial outlier
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classification-based training method to identify importantz; A Luc. Local indicators of spatial association: Lis&eo-
spatial features and their impact factors.
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